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AIHIGES R T L, Al /ZT.L\ (artificial intelligence system, Al system)
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AlD 5 £ V) (Inception of Al)

Dartmouth Summer Research Project on Artificial Intelligence in 1956

C.E, Shannon, Bell Telephone Laboratories

Proposal document in 1955

We propose that a 2-month, 10-man study of artificial intelligence be carried out
during the summer of 1956 at Dartmouth College in Hanover, New Hampshire.
The study is to proceed on the basis of the conjecture that every aspect of
learning or any other feature of intelligence can in principle be so precisely
described that a machine can be made to simulate it. An attempt will be made to
find how to make machines use language, form abstractions and concepts,
solve kinds of problems now reserved for humans, and improve themselves.
We think that a significant advance can be made in one or more of these
problems if a carefully selected group of scientists work on it together for a
summer.

4L 1956 EDE, Za— N\ T v —IMNN/)—NRN—DKX— kT AKFET
10 ANICL2 2 ABDOATMENEZITO ZE2RRELET, ORI,
FEPLLDMOIMEEDFHD H LW 2 AImIZFRIERYICIER ICEREICEKERTE S
o, M TENZTaLl— b TEREVHRRICEDVLTEDOLNE T,
WHICEE RS, BRMEBTZERL. BREIABICLATELGVE
MOMBzRRIE, BBEBEZR LI L7 EE2 RO 58HADTHONE T,
FBESNTRFEOIN—T7HEDOE—FEICEYHED L, INoDREED 12
UETREBESHERTEDEZATVET,

From https://en.wikipedia.org/wiki/Dartmouth_workshop
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System1 and System? in Al

Knowledge-based

Symbolic processing Al [ wason |
Wikipedia/Dbpedia/FreeB
SySte m 2 Problem Solving {5“‘ Generation} [ [ : Ipes:nan:i’:v\l/aeb ree as§ ]
. Computer
Planning
Theorem Proving [ Expert Systems ] [ Knowledge Graph ]
[ Machine Translation, Dialog Systems ]
1960 70 80 90 U0 T Unified Approach
Dartmus I I | I I I | I I I I I 3
1356 Multi-modal (In/Out)
[ Pattern Recognition, Understanding, Control }
Perceptron } [ Back-Propagation ] [ Deep Learning ]
[ Statistical Pattern ] [ Support Vector Machine ] [ LLM ]
] Recognition [ Reinforcement Learning ]
Data _d riven [ Real-World (] Bayesian Modeling ]
Pattern Recognition Al

System 1
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2017 2018 2019] 20200 2021 2022
chine Learning 316 181 356 187 190 141
'Computer Vision 90 53 £l 108 135
Agent-based and Multi-agent Systems 62 79 94 59 71 88
Natt:rlanguage Processing 43 95 85 68 34 73
|Kno vledge Representation, Reasoning, and Logic 85 44 64 50 48 38
Mu’fi‘disciplinary Topics and Applications 46 30 33 25 26 32
Data Mining 36 32 75
mmng and Scheduling 30 32 22 21 25 19 ,
Constraints and Satisfiability 31 22 19 11 8 20 22 17 @
fachine Learning Applications 64 18 12 13 107
ﬁgaans and Al 19 22 10 8 8 14 16/ 100
Game Theory and Economic Paradigms 52 47 99
Uncertainty in Al 16 02, 12 8 8 10 ik q 94
Al'Ethics, Trust, Fairness 5 9 22 20 2711 M
Al and Arts 13 49 62
Search 15 17| 1)) 21 .
@étics and Vision 11 14 4 2 8 2 3 g 52
Al for Good 51 51
Human-Centred Al 48 48
Hedristic Search and Game Playing 17 17 7 6
~ |Al for Improving Human Well-being 39
_ Special Track on Al in FinTech 35
|Al, Arts & Creativity
pecial track on Al for CompSust and Human well-being 19
“ICombinatorial & Heuristic Search 8
Understanding Intelligence and Human-level Al in the New Machine Learning era 8
Mo%zzﬁ[@mts IR B ik A B R s SR BN S
ion of t‘contours of Al 6
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INTERNATIONAL ISO/IEC
STANDARD 42001

Information technology — Artificial
intelligence — Management system

Technologies de l'information — Intelligence artificielle — Systéme
de management

AIST Roy Sugimura

s,

\

=i

HER S N7z EXRHRBITDONT, »
Z DIERERR, BET 258, €L T
NEZ=EET 5 LT, KICAICERE &
EZZONBHHE - B, BiClE, BExN
AEEFT RIS, AIIBEERNERERE
E-oTWARRIZCDOWT, A=, B
AlRFRRE & L TO/RRN D, iz
TWET.

=HICTHAEZRE SN BHBEICE,
23, ISODHERY % 42001, 229892 %
AFEE, HMECHRINDEIEE L
SEOHLET ”

7838, 22989 (FHARE TIRIA T
TirtENTWHET, JIS X 22989
HiRETY. i, JISIQ 4288
NREHESNTWET,



4

~

4

I

" ISO/IEC 42006

ISO/IEC 42005

ISO/IEC 25336
(rnbred 42007)

ISO/IEC 42114
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Information technology — Artificial intelligence — Requirements  J&
for bodies providing audit and certification of artificial intelligence
management systems

Information technology — Artificial intelligence — Al system A
impact assessment

Information technology — Artificial intelligence — High-level A
framework and guidance for the development of conformity
assessment schemes for Al systems

Information technology — Artificial intelligence — Guidelines for H
auditing of Al management system based on ISO/IEC 42001
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ISO/IEC 42001:2023

ATV AY MEEL L TOHBEDIE, 1SO
Directives Annex SL (C Blue Text & L TIRE. &
fHA & LTI, 4488, 56U —Xx> v 7, 65TH,

7 44—~ 838, 9/37 +—~ > 22 10 &
D)L —F%ERETHER

IR DB IZ DWW T, T 7=,

EFERIIC X, Annex A Reference control

objectives and controls, B Implementation

guidance for Al controls, C Potential Al-related

organizational objectives and risk sources, D

Use of the Al management system across

domalns or sectors 7 &6, AlFE DEBELED &
LT, =&&LiL5

Normative Reference & L T4,
22989 2022 DHIZH, 22989:2022 I
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ISO/IEC 42001 Information Technology — Artificial Intelligence — management system B& &

- RUIDEE:
« NWIPISO/IEC JTC 1/SC 42 N 649
« Circulation date: 2020-05-28
« Closing date for voting: 2020-08-21

Proposed Project Leader (hame and e-mail address)
« Jim MacFie (jimacfie@microsoft.com) = #IZ, MacFie FKIBFIZfELY, Marta Janczarski K~. K3, 7A4LT7 v KABE

« Liaisons:
« ISO/CASCO, ISO/TC 176, ISO/TC 262, ISO/IEC JTC 1/SC 27, ISO/IEC JTC 1/SC 40

o IEEXFEHEHAE. COVITI9AERLY ., JhEDFEMITY E— FTER

e YT AY Y FITT 4 &K—I|% Canada DART TV DbHIZ, YUXTT 1 XA HHF AMarta Janczarski EE~31K
s ITAXIE. ZDHB, WFEHSTAIILT Y RABE

« 42001 1F. 7ANLT Y EDIT 4 ZHLDIEEE L CStandard Request ~DEZ & L TIRE

HARX, O TEARNLEAD oFMICE S X TRERICER
To avoid confusion mentioned here | would recommend that identical core text and discipline-specific additions should be

clearly distinguished from the starting of the drafting process as Japan requested in its comment to Q.6 of the ballot (WG 1
N 710) and the Convenor mentions in WG 1 N 727.

Comment to Q.6: (N 710)

Recommended to collaborate with Al System Lifecycle and Al Governance standardization activities. Request to distinguish
between discipline-specific text and identical core text as instructed in Directives Part 1 Annex L.9.4 Clause 6. Request
careful development considering the difference of two aspects of MSS, using Al and providing Al.
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Competition and Collaboration among Standard

tems?
A Series of Standards is ag yr%g aecom%etltlve advantage

Proposal by Mr. Wael Diab, the Chair person of SC 42

Series of Data related standards by SC42/WG2

Standard Type |Title Status
Figure 1. 5C 42’s ecosystem approach - - -
20546 IS |Big data - Overview and vocabulary Published
Example of non- 20547 Big data reference architecture
technical trends
and requirements -1 TR |Part 1: Framework and application process Published
ﬁ e | -2| TR |Part2: Use cases and devrived requirements Published
) "‘ -3| IS |Part 3: Reference architecture Published
Horizontal and Foundation Projects
sc42 Enabling and accelerating wide adoption while addressing concerns -5| TR |Part5: Standards roadmap Published
24668 IS |Process management framework for big data analytics FDIS
Feuncs on Dt RASaranca b Frameworks [l Guidance [l Interoperability
DeRimnbE Cancapts Stde | Architactures | Cazes : g 5259 Data quality for analytics and machine learning
-1| IS |Part 1: Overview. terminclogy. and examples CcD
Ecasystems -
deliverables -2 IS [Part 2: Data quality measures WD
-3| IS [Part 3: Data quality management requirements and guidelines CD
Implementations -4| IS |Data quality process framework CD
-5 IS |Data quality governance framework WD
Governance -
8183| IS [Data life cycle framework DIS
27014
Bodiea providing audi
and cedification Governance
‘ 27006
ISMS Certification (Core) Requirements for 38507
providing Gavernance
27003 audit and
Guidance certification of ‘
27017 o information Secur ity AIMS Certification (Core)
:f]tf::"‘:u '::;;f:ﬁ rf:; e :;“;'l":g:'“e“ Bodies providing audit
controls based on S| measurement, and cemtmeaton
analysis and L e ]
o e e compeonce .
S for professionals L !
Information security 2roos 27021 Fer
controls Guidance on Compstence Requirements
managing - requirements for *
information security linformation security Controls | N
T management 1 42005 H
systems ‘ Guidance on risk |
Internal audit professionals {management H
7777777777777777 Business continuity
27007 27008
Guidelines for Guidelines for the 22301 o
information security assessment of Business continui Internal audit Business continuity
management informationsecunity | [ | p—_—————e—, mm em oem e e e e e e e e e e e managemen
i 2301 1 1 systems —
Business continuity 1 1 requirements
management I
systems — 1
requirements 1 1
1 1
2024/10/25  Set of Standards around ISO/IEC 27001 AIST Roy SugiSetof Standards around ISO/IEC 42001 ;




ISO/IEC 17000:2020

Conformity assessment — Vocabulary and
general principles

a4 AIST

vl ViIveo

ISO/IEC 17007:2009

Conformity assessment — Guidance for
drafting normative documents suitable for use
for conformity assessment

ISO/IEC 17029:2019

Conformity assessment — General principles
and requirements for validation and
verification bodies

ISO/IEC 17011:2017

Conformity assessment — Requirements for
accreditation bodies accrediting conformity
assessment bodies

ISO/IEC 17030:2021

Conformity assessment — General
requirements for third-party marks of
conformity

ISO/IEC 17020:2012

Conformity assessment — Requirements for
the operation of various types of bodies
performing inspection

ISO/IEC TR 17032:2019

Conformity assessment — Guidelines and
examples of a scheme for the certification of
processes

ISO/TS 17033:2019

Ethical claims and supporting information —
Principles and requirements

ISO/IEC 17021-1:2015

Conformity assessment — Requirements for
bodies providing audit and certification of
management systems — Part 1:
Requirements

ISO 17034:2016

General requirements for the competence of
reference material producers

ISO/IEC TS 17035:2024

Conformity assessment — Guidelines for
validation and verification programmes

ISO/IEC 17021-3:2017

Conformity assessment — Requirements for
bodies providing audit and certification of
management systems — Part 3: Competence
requirements for auditing and certification of
quality management systems

ISO/IEC 17040:2005

Conformity assessment — General
requirements for peer assessment of
conformity assessment bodies and
accreditation bodies

ISO/IEC TS 17023:2013

Conformity assessment — Guidelines for
determining the duration of management
system certification audits

ISO/IEC 17043:2023

Conformity assessment — General
requirements for the competence of
proficiency testing providers

ISO/IEC 17050-1:2004

Conformity assessment — Supplier's
declaration of conformity — Part 1: General
requirements

ISO/IEC 17050-2:2004

Conformity assessment — Supplier's
declaration of conformity — Part 2: Supporting
documentation

ISO/IEC 17024:2012 Conformity assessment — General
requirements for bodies operating certification
of persons

ISO/IEC 17025:2017 General requirements for the competence of
testing and calibration laboratories

ISO/IEC TR 17026:2015 Conformity assessment — Example of a

certification scheme for tangible products

| ISO/IEC TS 17027:2014

Conformity assessment — Vocabulary related
to competence of persons used for
certification of persons

ISO/IEC TR 17028:2017

Conformity assessment — Guidelines and
examples of a certification scheme for
services

18




ISO/IEC 42001:2023 (24 % FBEE

01:2023 (ZdH 5 HFE

B (organization) , M EERE (intere_sted party) , L 70 2P .
‘ (top management) , ¥ x> X > b X7 L (management system) , 7581 <o
(policy) , BB (objective) , U X2 (risk) , 7B+EX (process) , /i
= (competence) , 3XZ1 L 7-1E5% (documented information) , /8 724 — <&
j > X (performance) , fk%cayca=E (continual improvement) , B304
(effectiveness) , Z3K=18 (requirement) , @& (conformity) , NEE
= (nonconformity) , =1FALE (corrective action) , B2 (audit) , AIE
2 (measurement) , B5#8 (monitoring) , BB (control) , B =
(governing body) , 158t ¥ 2 U 7« (information security) , Al X7 A
A >80 b 7R Xk (Al system impact assessment) , T —X &
(Data Quality), BEHESZ (statement of applicability)

L 42001:2023 & Normative Reference I 1ISO/IEC 22989 o &
% SO/IEC 22989 (2B W TEZE XN T2 EEOEEANE

AIST Roy Sugimura



ISO/IEC 22989:2022|C E& & N./-FAzE

-

H
AAZEIEE AT (WMWEABSIL IS X 22989:2023% CH BT & L)

ALICET 5 ek

AIT—2 TV b (Alagent) [BREBEZEMEOBREICINE L, HEZEROTLDOOITEEZ L 588 L L= TF 17 1 —] ,<SNIP>,

= HHEI(Autonomy, autonomous) & W\ ) BES 7T E HWEHINCE LB D 5, A TIEH L2, BEIZZIT TIFA L LIEE ARV, AR08
SR INTFREZNET L7 DDOEFR[FEND ., FHAGRELRNL—NLEZEHESTWVWAZED, AIDOES., ALl AT LAOFNE COIEH ¥
AT LEDEEZZDDON, FAATIEHANBRIZEZ 5,

ATI%08E, AI (artificial intelligence, Al)

<L EF > AT AT DD A T3 = A 5 O O bIFFE R 8
%ﬂlaﬁ%%%ﬁ,2753~5ﬁ4IVX,?~§ﬁ4iVX,E%ﬂi,kiﬂi,ﬁiﬁg,%0%@ﬁﬁﬂbkofﬁ5lkﬁ
AIRECH D,

= FRISGELIDOERKIL. 22989 ORIFIEETIIWE L TW 5, fFEBRICBWT, FHSE THIEFITIRIA < @Eimdd STV 5D X 9 12,
Z DESREDPREIN, VWDLWEa BV REWMAZ DR LoTz, 72, UBIIAATHIN, ATICXHLTIE, ZOE@ELERD.
i Z 13 HT% (knowledge) (DWW TORKINEIFRE Dfux 58 L & (Wisdom, Intelligence, Information, Data />4 7 7 —F% —{(Z3V T, intelligence
RARADOHDBITZDENIBZZFRE) B, Al 2T —ZEZ LI LA EHNWD LT EHRR EZHA, KHREREHFEEIC L 72

AIRIBES R T L, Al RT L (artificial intelligence system, Al system)
ANHEDRERLCHEO BEOEGIIXI LT, a7y, PRI, #5E BERREREOHNEZANRT 5 TFEHT AT L

AR TR 27 A3, ANTHRICEET SRL REGER T 7 —F 2 A LT, MFEEOFEMIMHEMARETH L7 —F, Mk, 7nE
AR EERTETT NERET DI LEBAETH D,

FPFR ALY AT AL, BExAEYE O L)L TEMWET A L5 ICEH N TV 5,

B, 81 Bt (autonomy, autonomous) [FEESD A, HilfHl, 4 — —HV A FEZIFTIC, BRI HER LB EEZZE
HTEX DU AT LOFRM] <SNIP>

B, Eﬂ‘]ﬂ:, BEI8Y (%) (automatic, automation, automated) [T ANIZT AT AIZLD, FBEINTZSKETT, ABDOITAZL
(ZHERE S5

2024/10/25 AIST Roy Sugimura 20




- Bi2tE, B, B#EM (autonomy, autonomous) [IEENEDITA, i, F— =% A FEZTFIC, S
SAVIEFEHTERCUS AR 2 A H TE 57 AT LOKE]
=2 WL R TH L, BEXICIE, &EFEM., VAT LAOEBERICEOLNDIER. 2ERGFENEFS, ZIUBIL.
#1Z21X. Plan-Goal(sub-goal) &\ 95 THIE I &5,
= RETEHLEVORIT, B, FEOFSGRHVED, ZOEKRPLIL, BZERIT. FHOEV B
KT LLEFEHDOHLBIHN VAT LG HERF->TEREL TWVWDHEBVRD
> B, UZEXRFIOES TIL, autonomy, autonomous % FFEA S 1T 5 DIk, ANFEDOIH ADHF L 78> T
Do
(%) autonomy
ability to perform intended tasks based on current state and sensing, without human intervention [SOURCE:
ISO 8373:2012, 2.2] ISO/TR 23482-1:2020(en), 3.1 <SNIP>

e BHIAYEa—T 41 >4 (cognitive computing) [ AR &Mtk & D, KV AR EERAZRREE THAIV AT
LOHT IV —. IR FH= Y =2—7 0 7 OEEIL, BEFE 335 , 54, ARSEONHE, o
a2 g NN —w o AV —T 2 — R CEHET S, ]
= Human Machine Teaming &\ 5 BFSIESRIL, U B O—2>0R Y A & 7ol D

« MEFBYSE (continuous learning, continual learning) , £EFE (lifelong learning)
Al AT LT A T A7 NVDEM T = — ARG T D ALY 2T L OFER IR
= Jx— X3, 22989 Tl EMIZIIAT -V ELREINTWVD,

e AR 3 FEHE (connectionism) , ARTZ LI =R FD/INSHX A L (connectionist paradigm) , ART 3=
A FETIL (connectionist model) , ARY L3 =R FDOF7 FA—F (connectionist approach)

s 2 DYE, Bl E o=y PAMHAICERY 5RY WY — 2 R ERTARBMET U 7 O RES !



s T—ARAIALAZVT (datamlmng) \
L. Oﬁ_%%'E&U\/kEZPE BENRT —Z oL, Tno
fﬁﬁ‘é e J:O“C/\5“/7§:§°Elﬂtﬂﬁ‘5§+:%@@
SN Z—EHRAIRIT, B, BRSHEREEZNREL, 1

& IRTERY R BIR R N & 22

9
j@tmﬁﬁfgﬁé% ﬁf@LLM@&@\ﬁ+%KﬁQ

%

-l
FERNT1T < DWFZED B S 4L
HEED/ S DD KL Ao
BHDE LR LEAESDE

« EEMIANEE (declarative knowledge)
Lo - ﬁ%&@ﬁ@?ﬁéﬂéﬂﬁ
}Iﬁla_”" BEEAHERL, Bib o CFRERHFRICE#
EPQ B S EEE, B, ahEE, T L —Aip B AaTe

e THXR/N—FIRTL (experts stem) y
[ RE D AR R 2 Hedm 3 5 (1nfer) 72D, K OmEEIZEBIT D ANEDEZ ) b At S 7z Ak %
*ﬁb,ﬁ#Abﬁ 72T BAIS AT L

« AL, RAAIAMEE, AGI (general AI, AGI)

JNEL 7S VEZE (3.1.35) (12, {Fﬁ/@@b\< LU DMERETHET DA AT L (3.14) DX AT
IR HHAL (3.1.24) &R, \ \ ) :
FEFRAGIT LV RWVEIRTHA NS Z L, ZREERRMEELZFITARRTHHEIT TR,
ANERFEITRIRE TH D ETDEEDLFEITRRETH A VAT LAEEHRL TV A,

« BEBI7ZILTY XL, GA (genetic algorithm, GA)
sefEREICB W AR () O EZEEI T b5 THAREY (@) KETI=2b—
i Ry A=A

. ‘ﬂi’,ﬁﬂ ‘ﬂi’,‘fi f42[ (heteronomy, heteronomous)
w825 DTN, Hilf#l, T A—S—H AR OHFIO T TEIEL TW A T AT ADREE

L2V RY, M5 Z & ITAIRE TIL7R U
SN D,




o MEEH (inference)

BRI DO RIHR D bfitiam 2 5 & M9 HEGm (reasoning) \ '
ARL AITIE, BRI, T3, HHAL, =70, FEUIET —F 0TI Th D,
A2 “HERm (inference) ” &9 HEEIX, 7B AR OFOREOW T 2FET,

s E/ DA 2B —=vY b, 10T (internet of things, IoT) , IoTH#&% (IoT device) ,IoTY AT L (IoT system)

o &k (knowledge)

< ANLHBR>AT V=7 b, AU b, BEEIHA, 26 OBMRRORHEICET 2 g b SN EHRTH Y, HIERERDOER
HIZREER D= D IR SN = b D

AR AESOERR 1T, OB ONOEBIZIE T HHFBEORIEICK LT, RAEBAZEKRLZR, FFIC, FNFITEMAE LV SR
ITBHZ IR L7220y,

AR Wi, BEXEESOMR CHEETETH D, ‘

ER3 B, RSB CET—2Thoiew, MIRAETHL, 7 — 1%, HZEUTRIEIZ L > THANSIER SN S,

Wisdom (%0%) BB by 1247
& - A ZRERINE
A DEE
Knowledge (%00 ) - Al DR DEFICIZ, Knowledge
Engineering B’ V) . LKL DIEEER
/ \ Information (15%R) \ t%;@_’é‘%.
B D BE - BASEBAEORED S (X, 1FRICIE
/ \Data (53— %) BUL. RIRAEMT BH. [HERC
MR E, 772, BEFMEE L TR

Y (Rl i 2 Y A



4 754 )L (life cycle)
ISO/IEC 5338 - Information technology — Artificial intelligence — Al system life cycle processes (H A$E3E.

ITA8—FELE () BEEK) AHMRF

ETI (model) TP AT L, =27 47 4—, Big, Tov AT —% OWEER), BUEe9 3£ O
DOFmPE) 72K H]

> FEEREETNVEMREST LRI > TS

= H _IRA TR, 7 VT, BENRBRPOERIND T DL T,

BEFAI (narrow AI) , 188 (performance) , 75> =>4 (planning) , F B (prediction) , FHEAYEN

(procedural knowledge) , A7Kw b (robot) , ARF 1 2 X (robotics) , EX VT4 v oAV Ea—TFT1 >
4/ (semantic computing) , V7 AV Ea1—TF 41 >4 (soft computing) , TS HIAI (symbolic AI) , #EEE
EHIAI (subsymbolic AI) , ¥EZE (task)

T—H#7F7/ T— 32 (dataannotation) [7—ZIZEEZIMNAFIC—EOFBIERE T — Z 179 5 4L
HOFR1L RREHRIE, AT —%, T (3210) , TUA—ORRELDLGERH D, ]
— 2024.10 SC42 Plenary (2B DiFim Cld, A ¥ T —F &7 L —LU—7 LIESHERANPEZIT NS,

T—43 5 F F x w4 (data quality checking) , T—RH58E (data augmentation) , T—RY > F1) >4 (data
sampling) .,

T—4& v kb (dataset) ‘

HE Tt —~ v ML TT = 2HEDHRH D \a

1 v = X THrugby K Ofootball (ZBHEAT T 5722020556 H LD~ A 7 1u 7 v 7 §Fa.

2 256 X256[FEDIEDO~ 7 nHEHE, o ) \

FML 7T —FEGIE, AIET L (3.1.23) OZIEREREITT A MIBEHAETH D, MikTE (3.3.5)
I2BW\WTIZ, T—Z &y ME, BEFETLIY XA (33.6) OIIHEHTETH D,

= set (CDOWVWTIE, 19226 2 0 fdiZ % < OB R D \

=5 _IRA T OFOKHRTIE, BT +—~ v b, EWIHIMUNRERTIZT TR, 7 — X DOFFOMEEZR
ECEHTRIZRBT TR © 26 < DBZ )3 b o TUSTES




F -

Y A
o \
' « HEfE (groundtruth) [F_RAfEANFT—20, b2HEAOMNSEROM. TR EEL V5 HFEL, T EANT— o |

!'r BB L CHBEEBORMEROMEICKIST 5 2 & 2BWRT 5 b Tlidkv, ] 5

= YEABHOERITONWTIL, HEx, Ewmlbot. — BRI, BEEHKAOE LVWEREET
fi5t (imputation) [HEEXIFETNVICL > THOLNIET —F T, R%ET —FZ2EEH X 5FIH]
f “<snip>
' -+ {EAERIFEEEH. PI (personally identifiable information, PII) , fAT—#% (personaldata) [a)ffH&, Rkl Bd 4
N\ TOHRANE ZREOTITDIEDITHND Z ENARETH D72, Xidb) HARA & EEUIMAENIZHEOfMF VTS, HLLIZE
. s T2 Z D ARETH H1FH. FRLERD “BRN” 2, PUOERETH 5, PUD LRI FIRETH D7 E 5 Hrzafllr
I HITIE, PHDOES L HARANE OBELFEIETT 572012, £DOT7 — X ZxkFFT 5 AT — 7 B)VEF — IO FER G EERYIZ
» FATLILENARETHD, ETCOFEEBETHZENZE LY, FR2 ZOERIE, OB THEAINLPI &V 5 HGE
' ZERTDHEODOHLDTHDL, X7 Vv 7770 RPILEEX, 777 FP—EXAOBEFIZL > TEIALINRWERED, A

N TAWESEEOA T T — RS NDME S DPEFRIICAS 2 LR TE SIBITITRN OB TH D, ]

74

= Ohio State University Prof. Hirsh OFH &K D &, BEDPAIFABIZENT, RHEBEEZL I RS T—ZO—o0F, MEWRL
v ENGEHE DHREDRH D .
https://moritzlaw.osu.edu/sites/default/files/2023-05/Final%20Report 10.15.21.pdf
https://link.springer.com/book/10.1007/978-3-031-21491-2
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https://moritzlaw.osu.edu/sites/default/files/2023-05/Final%20Report_10.15.21.pdf
https://link.springer.com/book/10.1007/978-3-031-21491-2

AZET—4S (production data) [AIS 2T 2 (3.14) OEMN 7 = — XA THRE LT —4 T, EBRINEZAL AT AR RIS X I3HeR
(inference) ZH 1351 D]

BT (sample) [HWFEET7 L TU XA (3.3.6) FIAIV AT A (314) ICL-TELEEFoTEBTUEIND DEIRAIRERT — X R ]

TAMT—43 (testdata) , FliT—4 (evaluationdata) , BMEREZRE T —4 (validation data) , REHAEE : BFET—4 (development data) ,
AL OF 3y F7—% (Bayesian network) , RFEAR (decision tree)

Ea—< 2L UF—5 2% (human-machine teaming) [ AR &, O mMEES & O ESER OFA]

INA IN—INT A—4A (hyperparameter) [FE 7ot RXTEEE H X 2877 13U XL (3.3.6) OFeE. FERL A X—3TF 2 —X |3,
AFRDORNCEINE I, ET VDRI A—FOWEELXETHZOOT o RCBWTHEHATRETHD. FER2 A= TXA—=FDflL LT
X, X NU—Z D, KBOWE, [EHILEEDZ 1 7, &Eibik, ==2—J VXY NT—T7DEOOFEER, KR —FXT7 hl< (2

AETIIBIT BT AGH ORI ERSH 5, ]

B#=%, ML (machinelearning, ML) [FE7 /L (3.1.23) OZF#EYA, 7 — ¥ VIIRBRE KT L X5 R EFEEEZB L CTET AT A —X
(3.3.8) ZhE{bd 5L ]

HW=EE 7))L 31 XL (machine learning algorithm) [ EHET NV DNRT X=X 5 OREME N> TRET L 73T 2 4] | HBHEE
E7JU (machine learning model) , /X5 A—%4 (parameter) , ETJ)L/NT A —% (model parameter) , #®{EZFE, RL (reinforcement learning,
RL) , Bil#E (retraining) , FZEFH Y #HFE (semi-supervised machine learning) , ZEFdH Y #WHFEE (supervised machine learning) , Yrik—
kARY RILIL Y, SVM (support vector machine, SVM) |, FI#&FHAETIL (trained model) , FII#E (training) REFAEE : ETILIIFKR (model
training) , fI#ET—4 (training data) , #EA7ZL L#EWFEE (unsupervised machine learning)

ETEIERI%L (activation function) , BEARAAF =1 —F LRy FT—%, CNN (convolutional neural network, CNN) , KXEH:E : REEHIAH

—a1—JJ)3Ry FT—%, DCNN (deep convolutional neural network, DCNN) , B#3iAH (convolution) , iFEBFEE (deep learning) KEFFHEE :

BRE=—a2—JII2Y FT—9%FF (deep neural network learning) , BIECIRFE (exploding gradient) , 74— F 74T —F=Za—3I3%ry kD—2,

FFNN (feed forward neural network, FFNN) , RXERIFEIE, LSTM (long short-term memory, LSTM) , R OVEHOZ2a—F IRy 8T—2,

NN (neural network, NN) RERZE : —a2—J IR Y kb (neural net) , AL=Za—F )Ly kD —4% (attificial neural network) , —=a—RA >
(neuron) ,YAL >V bF=a—F )2y FT—%, JAL > ENN, RNN (recurrent neural network, RNN) ,



4 4 -
p EE?EE 8 H71= (accountable) [1T78), BEERER OMHEREIZOWTINZ H415]  phonogram vs ideogram '\
r .« BIBAE{E (accountability) [FHIELZA-7-MREE SEIR1 BUIETIE, %10 % CHN-SHLRMBEICRSET 2, SLE, b <

BRI IO Dy, XIFREDO—E L L TOEIE TITEILGE m%éo Eﬁzpﬁﬁﬂfﬁ X, BEDOFEZBEU T, ROEED Y]
W-T, BIBMAXIFZ T 4T 4 —DBHOBEAIZFTZ T 4T 4 —IZK LT, MOPOMBAELEZAS ZEREaEND, ]

f ATREETA KT A TO Accountability 61 TATEEYT 4 EREXFTRAINTEY, SAIELT

i) THUYHEY T ERIIIEE L ERT 5 2L bH BN, AN FTA L TRERMEATEMECET Az L L L, 7Y T
, 2T 4 LIZANCBET 2 HEL - /fﬁi@%ﬁ%ﬁ 5 2L RUOZDOELEEA D LD ORHREMFORMICET S L T 5, 1
N 7) Y O — L AREEADTIEEDIES |0 | i A FIEAOLEDEN 0 | i BBET325— LI -AD ;
e (7hovs @ MEEOES IDHBRRD | SRROBER ST OS8R 368 (!
- 008 ii. BATEERBIEIRO B ii. H—E BRI ORI ii. RN E X BOEARY
{ ® BEEOBR T o
@ G ERMOE DDA
v ® A7 IR - ADEKH
BAIS
® &L
Y

'ED T®D Accountability (LT
The quality of being accountable; liability to account for and answer for one's conduct, performance of duties, etc. (in -ﬁ
b modern use often with regard to parliamentary, corporate, or financial liability to the public, shareholders, etc.); :
responsibility.
. OB D Accountable (ZIAT
~ Chiefly of persons (in later use also organizations, etc.): liable to be called to account or to answer for responsibiliti

-and conduct; required or expected to justify one’s actions, decisions, etc.; answerable, responsible.
2024/10/75 AIST Roy Sugimura I“ R7
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<snip>

N TR (bias) [FFEDOAT V=7 b, AaxXIZTZN—TORIGZBNT, el Uz & & ORMAL - 7o FHiE. R 1S S0, 785,
Bz, &E, THI 31.27) , BERERY, HOoDLFHEOITEITH D, ]

INA T ZUZHOWTIE, ISO/MECJTC1/SC42 WG3 NOOI3 [IZTEAMMLERK. 1 7 2O NA T ADERIZOWVWTHEEZK - 2.

ISO/IEC TR 24027 Information technology — Artificial intelligence (Al) — Bias in Al systems and Al aided decision making 73 Hi iR

Acquiescence bias, Actor observer bias, Ad hominem, Affect heuristic, Ambiguity effect, Anchoring, Anthropic bias, Apophenia,
Argument from authority, Argument from Ignorance, Attentional bias, Attitude polarization, Attribute substitution, Attributional bias,
Availability heuristic, Bandwagon effect, Base rate fallacy, Benefectance bias, Bias blind spot, Brand Loyalty, bystander effect,
Catharsis, Choice-supportive bias, Clustering illusion, Cognitive bias, Cognitive Dissonance, Cognitive distortions, Confabulation,
Confirmation bias, Congruence bias, Conjunction fallacy, Consistency bias, Contrast effect, Cryptomnesia,Cultural bias, Dunning-
Kruger effect, Default standard unit bias, Déformation professionnelle , Disconfirmation bias, Dunbar‘s number, Dr Fox Effect,
Egocentric bias, Emotional forecasting, Empathy gap, Endowment effect, Experimenter effect, Experimenter expectations, Exposure-
suspicion bias, Extreme aversion, False consensus effect, False memory syndrome, Familiarity heuristic, Fluency (processing fluency),
Focusing effect, Forer effect, Functional fixedness, Framing, Frequency illusion, Fundamental attribution error, Gambler’s fallacy,
Generation effect(learning), Group-serving bias, Group think., Group attribution error, Halo effect, Herd instinct, Hindsight bias,
Hostile media effect, Hyperbolic discounting, lllusion of asymmetric insight, lllusion of control, illlusory correlation, illusion of
transparency, impact bias, Implicit cognition, Indoctrination, Inductive bias, Information bias, in-group bias, Irrational escalation,
Introspection illusion, Isolation effect, Just-world phenomenon, Lake Wobegon effect, Learned Helplessness, List of cognitive biases,
Loss aversion, Ludic fallacy, Magical thinking, Mere exposure effect, Mindset, Misinformation effect, Modesty bias, Negativity effect,
Neglect of prior base rates effect, Neglect of probability, Normacy bias, Notational bias, Obsequiousness bias , Observer-expectancy
effect, Oedipus effect, Omission bias, Optimism bias, Outcome bias, Out-group homogeneity bias, Overconfidence effect, Physical
attractiveness stereotype, Picture superiority effect, Planning fallacy, Positive outcome bias, Positivity effect, Post-purchase
rationalization, Primacy effect, Priming Effect,Projection bias, Pseudocertainty effect, Public goods game, Publication bias, Reactance,
Recency effect, Regression fallacy, Reminiscence bump, Repetition bias, Representativeness heuristic, Response bias, Rosy
retrospection, Selective Memory and selective reporting, Selective perception, Self-deception, Self-fulfilling prophecy, Self-efficacy,
Self-serving bias, Selling out, Serial position effect, Spacing effect, Spotlight effect, Status quo bias, Strawman fallacy, Subadditivity
effect, Subject-expectancy effect, Subjective validation, Supernormal Stimulus, Superstitions, Survivorship bias, System justification,
Telescoping effect, Texas sharpshooter fallacy, The third-person effect, Trait ascription bias, True-believer syndrome, Ultimate
attribution error, Ultimatum Game, Unacceptability bias, Unit bias, Univariate bias, Valence effect, Von Restorff effect, Wishful
thinking, Worse-than-average effect, Zeigarnik effect, Zero-risk bias



o #llfEl (control) [HFEDBIEZZENKT H7-OD, TR IxTHITnvARICEBIT 5, BHZES > 7/T8)]

« flfEIAIBEYE (controllability) HIFEIRIEE (controllable) [AFISIIMDOINEDOT—2 2 123, VAT LAOEREICITATE D L 2IET 5
NS APNL2

« ERBARIAETE (explainability) [AIT AT ADFERIEEE L G2 2 EBERERZ, AMNHEMEARERITIETRTAIV AT ADORE. ER
1 EoNE—EDITHPMLTRETHD & ERICEREZHADZ LR, “RE” LVWORMICERALZLZANE LTS, ]

o FBINIEEME (predictability) [AT—27ARAF—EETE D, MOV TORGE FIEEE T DAY AT ADFH]

[he fact that there’s randomness here means that if we use the same prompt multiple times, we're likely to
get different essays each time. And, in keeping with the idea of voodoo, there’s a particular so-called
“temperature” parameter that determines how often lower-ranked words will be used, and for essay
generation, it turns out that a “temperature” of 0.8 seems best. (It's worth emphasizing that there’s no
“theory” being used here; it's just a matter of what’s been found to work in practice.

Wolfram, Stephen. What |Is ChatGPT Doing ... and Why Does It Work? (English Edition) (pp.9-10). Wolfram
Media, Inc. . Kindle hR.

CITCoOVRLERHBEVNWSZEIF, RL7TAVY 7 M2 EMEERT 2L, BRIELR2IT vy A D ELNS
AlEEED S W & x =R L £ 9,
ZL T, 7— Ry —HDODEZITK-> T, THUOEBINEDLL bWLWOEETHERINI D EZRET 2REEDL
DD BE| XoXA—2—hBH), TvtvADERKICIZ. 0.8D [[BE| EETHDIZ EADLIY L 7=,
(ZzcERAENLTWLWADIE [EBiE] TldhWZtz@ALTHEEET, EELDIZ. ERICAIDPHEET S S
EDHERL = & WS FEITTT,



YR (risk) [EICHTHAARMENSIOZE FRIEEL L, WIS T2 0oy (GE) BT %20 ), A
WITFE LWL D, HELL Z2WVWHLDOXIIZFDOHGTOEENRH D, HBIL, MEXITERZ R LY, AIVELEZY, bbb
L7203 5R[EMEDRH D, FFR2 B, HARMUEEOIT TV —%2 b5 0880860, AR L)L THEHAETHD, ER
32, VAZIE, VAZIR, BEZ0B3FEEEOEFNLOFRITNICEZ VST EELTEEND, ] '

\ = U X 7IZiZ%, Opportunity & Hazard D% 2 5733 573, Britz-Scaling ® £ 912, AT 4 712 21352 0 EiF 2 AL EIC B
§mﬁéiiﬁ%ﬁﬁ,ﬁ$¥*%fﬁﬁ6ﬂ,%Kmﬂﬁmi@,ﬁ??%f#%FA%@HLK%%%Z&%@ET%%%ﬁ
- DY, INHDRIZHONT, NTUVARKEFTLZLEZREL, Z<OmTHRASATHET.

}{ e T, e EREHT

Goals, plans, policies, risks, opportunities

Be Environmentally Friendly

= Plan/ N X %
Expectatior &’
A )

Control” of Opportunity needs some
Reconsideration of our Premises?

Expectation expressed in Positive

(Ex) Total amount of sales
(Ex) Satisfaction level of personal

& Goal 1 or o
* . o -
1, What kind x4 Milestone . % o
of “control” 2 A\
should we Controlled P
implement? to go back to the ¢ Goal 3 or Goal

0' Milestone G -
]

the

Goal 2 or
2. Any chance Milestone
to change the

Plan or
Expectation?

Goal 4 or
Milestone

EZRERREA E%ﬁiﬁ%ﬁﬂ%gk‘l’ R 0 y S u gl m W%«— Integration for Innovation 3 [EShvRT 2 N E%ﬁ’ﬂﬁ%ﬁii? ‘ )




- :‘k)iz’f — (stakeholder)

Al stakeholder

. . Relevant
Al provider Al producer Al customer Al partner Al subject authorities
Al plaifform L Al developer L Al user fM system Data subject Policy makers
provider integrator
Al p roduct.or — Data provider Other subjects Regulators
service provider
— Al evaluator
—| Al auditor
Figure 2 — Al stakeholder roles and their sub-roles
MAF—FFLE—
|
| | | [ [ ]
MRS AT aFz—4— NEE Alsi—FF— AlZiE BELR
AZZ v F7a— L = |_ — Al 27 LA — s e
R ARESE= AR = o T F—EEE HETZE
AR — AREEEV(E =z = 2m g =
; — - ] DIED :
s T F-sEEE fenxfs mEs
L AmiEs
—| AEEs
.(_
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B2 — AT 7 — )L ¥ —Oig 2 R T O LI 3=

B AEET R 52 5, BERTI5, NLHERTI 5 LR S

Mobs, HoWHMEA, H£H,

ISO/IEC 22989:2022 T4,
Stakeholder role & L5 3BT
Al X7 LICERT BE A, %.

HmxrfErELTWLWS



4 '~ 2
o ! 4 o
+ BIE (transparency) [ <ALk > WY RSB R OFEIELD, @IRNT, 77 ATHET, BAEATAERTIE TR 5 27 — 21
H— (35.13) ICEESNAMBMORE. FR FHLOEEREORENMEEL, ¥V T 1, 7430 —ITHEHE

REE T S TS D B, ] |

o FEEAME (transparency) [< 2T A>T 27 ACHT 2 EEIREREEERT — 27 AL X — (3.5.13) ([CFIAARELE 752 AT LD
r & M. ER AT LAOBAMOT D OMERERICIT, FH, M, BIR, arA—xr b, FIE K, #EHEE, RETOBRRE
f L MRGE, T Y —RARO TR T ORI EOMENEENIGERH S, ER2 VAT LAO—HORAIEEREEICHT~T 5 &,

¥ X2 UT o, TTAN—IIHWEEDERFHIER T HAREEND 5, ] ;1
N\ N
B SHAMIZOWVWTIE, AIFEEETA FI7A4 02T, FFHRERINTNA.

v £, ERpp.16 ITBWT, LITO X I IZFEEHBEAINTNS. /1
V. DEIAPEIZOW TR, FENE THAR A RERN H D, Hl 21X, NIST,Artificial Intelligence Risk Management Framework (January 2023) T

3, 2R AT LATAREEIZDICONTEZLND Z L) | SR AT LATED XS ITHRENR 2 SNTEITONTE
2AbN5Z L) ROMIRATEEN: (RBEZDOIREN SNIENICONTEOBERUISRICOVWTEZBNDZ L) KHEERTRY,
European Commission, ETHICS GUIDELINES FOR TRUSTWORTHY Al (April2019) TiZ, FL—H b U F ¢ GiAREEHEL TR o
4 =r—yaryPRy EiFshn s, 2. EEREREJISO/NEC ITCI/SC42) Tix, BN GEUIZRESRSBERE IR S L) &
ERSNTND, ALETIE, BHHREASCEATIFEEELILS EWM% &35, |

= | : .
s 6) (D #EEE CTRETEDHER i. B nTHEYEORE 7 L AT hP—F707vED i. BETEAT IS —~D
" 1EEATE @ MET 32T —~@ | i EET ST - b7 14 TRFRIEE
, v R AR i, MR B AT— L —AD )
i & @ SERRIN DRI AR
% N @ BIET BAT— LI —AD P
‘ st BH T EETS: - ARFRBIEETED ‘
k. s -
ki 2024/10/25 AIST Roy Sugimura '»
w @ 4




+ FSRFT—TRZ
o BRAIEFTHER J7UEC A 7 — 7 A b 5 — DR il T4

. =N | R 308, WRICRHEEORE IV —E X, fHINAT —F% ROEIZ U T, R 728058 A
S, AT — I HRNE—OHEFENT- D Z L 2R ﬁ“ét&)@*ﬂ‘a&ﬁ%gk@é

. A2 FZ X NU—URZXORMEIZIL, BIZIE, BEME, TR, BET, X207, 7794130 —, 5,
MAEME, ERAM, 77T, BEIEM, WE, =—FEIU T 1b 5,

. AR KR RNU—=URRL, —E X, 85, Hiff, T—F2EKOERICERARERBEETHY, TF LRI
BT, MBI L THRERTH 5,

EU AI-ACT BB D CEN/CENELEC JTC21 IZH T B1E==TTlE, Trustworthiness Frameworki(Z
BWTLITFTDSTDRgZF &EDHBMEDIT t fok%_ﬁb’lib\ Ly &R TS

« Governance and quality of datasets used to build Al systems

 Record keeping through built-in logging capabilities in Al systems

 Transparency and information to the users of Al systems

« Human oversight of Al systems

« Accuracy specifications for Al systems

 Robustness specifications for Al systems

« Cybersecurity specifications for Al systems



BASHENEICET A

BEIZEH (automatic summarization) , WEEYRIA 2 b (dialogue management) , BERIFERHE (emotion recognition) , TR, IR
(information retrieval, IR) , #MEHER, MT (machine translation, MT) , BB &K, NER (named entity recognition, NER) , BT

% (natural language) , E%EEEEEJ?,, NLG (natural language generation, NLG) , BRASFENE, NLP (natural language processmg) B
==£

RE B, NLP (natural language processing) , BAE FEHEME, NLU (natural language understanding, NLU) , fX&HEE : ﬁﬁgﬂﬁ
(natural language comprehension) ,?ﬁ?ﬂ"li%mﬁ OCR (optical character recognition, OCR) ,POS#A FJ {1+, A 7 ﬁ' [+ (part-
of-speech tagging) , ERIE (question answering) , BRI (relationship extraction, relation extraction) , IMES#T (sentiment analysis)
BEHEER# (speech recognition) , B R : JfLET-‘-\‘-X FZEHR, STT (speech-to-text, STT) ,BHEESH (speech synthesis) , fCEHE
¥ A L EFER, TTS (text-to- speech)

ERAIICDWTIE, B4 DBEDBEAISO/IEC 22989 Amendment 2 Generative Al ICTHRETE T WL 3

L/(—F X, HLETH (5, B0, HIBRARELFITOT, RIS IXTTREET 2RIEEDLH Y £9)
Generative artificial intelligence system

« Generative model

« Probability distribution

« Foundation model

« Large language model

e Self-supervised machine learning

 Generative adversarial network

« Transformer

« Variational autoencoder

» Prompt

e Fic,



AVEa—42EY3 Y (computer vision) [MWifg X|IWg %2 RK3 7 — % 205, W, R 5#E-=> FDRg/]. ER1
B Ea—HAE Vg Nl RV OT U HANVEBREIERT AT —DERAREEND, I, fﬂﬁﬁﬁ
DX I BRAHAN DO REZBZ DWELZHIELIZ 0D L ) REBEED D Z ENAETH D, ]

« BAEREER (face recognition) [ADEDORFEEG L ZROBEOBEBR L ZHEL, —HT 200N bIULENEZRL, £, IHH
DT —ZPbLENZEZRL, EXBET S5 ANWEFHNT 2 BB 7 — L 385#%]

- B (image) [<T VXA >TRMICIETST DI EZEX LTI 7 s hvicar7 . FR1 i, Hxov sk
ITHEREIND 74—~y b B2, XM a7 A IREFERICI > TERESND 74—~ v b)) RO THEE S
N7xr—~<v b BIZIE, AFr—F 7057 MR E L TEREND 73—~y b)) Z&G&0en, ZTOULIZRES R,
EBEDEF 7+ —~ v b THBILEND T T 740 v 7 bEEND, ]

o BE{RFRH (image recognition) [HEi# (3.7.3) OHFTAHT V=7 b, RE¥—2 I EEDFET 2 BE 0 FELEE]

ABBERE L LT, EX VT4 VWD EET, BROBEE (XF5 - 55, BF - 8@, 3DER, ICHL
R8I, F4) 2T EDH2D, BFSIFERDES ) T 1 Z2RAKICIKRS HEIPEATWNS,

ﬂ%ﬁ** EAMGH - REA~

[7»9’-%—9’»}
i Al

s

20105 AT~

20005 1%
NS 1
FIREHRE NTANL—T9 k
SFEBHEE iE

BB ST, B8

éﬁA{]}Q{t2p53://unit.aist.go.jp/ncdrc/ja/muItimodal_ai/AI_Atlgg.ﬁ%?ugimu s &



4
,

SOl M%ET%D =X Y '7\
Bias OEZH & &% -

E S

>|.

i i - i https:// .nchi.nlm.nih.gov/ \
Automation bias the tendency to over-rely on automation tic|z2/PRAné%2207g1Tn Eov/al
" Bias systematic difference in treatment of certain ISO/IEC TR 24027
> objects, people, or groups in comparison to others
- Human cognitive bias Bias that occurs when humans are processing and  ISO/IEC TR 24027

interpreting information
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The book for aur era: fascinating, timely, and profound.”

—5Steven Pinker, author of How the Ming Works

THE BIAS
THAT

nivvince lie
UIVIULJI UJ

THE SCIENCE AND POLITICS OF
MYSIDE THINKING

KEITH E. STANOVICH

2024/10/25

IWNATRADERIF. TNEBELATA YA K - XA T XD—
BTHDELIICRZEA., IniEFzEMLGY 7Y XLDO—F&E
ICHETZ2LDTH B, tBADHIKHA B D DL & 2 5
EE. BT ZTDEVORRZ, SELO IE LA RAER &
L CTlEial, HoDBIIH B NNAT X ERET,

The bias blind spot itself appears to be a form of myside bias that may derive
from a form of naive realism which causes us to believe that we perceive the
world objectively (Keltner and Robinson 1996; Robinson et al. 1995; Skitka
2010). When other people’s judgments differ from our own, we view the
source of that difference as bias on their part rather than as their legitimate
alternative interpretations of the evidence.

Stanovich, Keith E.. The Bias That Divides Us: The Science and Politics of
Myside Thinking (English Edition) (p.95). MIT Press. Kindle ii.
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Annex B ICHE WL THERIZAS (B
A DIRE] & F1F

risk management; ISO/IEC 23894:2023 Information technology — Artificial intelligence — Guidance on risk management

T

Al system impact assessments; ISO/IEC 42005 Information technology — Artificial intelligence — Al system impact
assessment

asset and resource management;
security;

safety; ISO/IEC TR 5469:2024 Artificial intelligence — Functional safety and Al systems, ISO/IEC AWI TS 22440-1,2,3
Functional safety and Al systems (Requirements, guidance, examples of application) BF

privacy;
development;
performance;

human oversi/ght; ISO/IEC AWI 42105 Information technology — Artificial intelli%ence — Guidance for human oversight of Al
systems, ISO/IEC PWI 18966 Artificial intelligence — Oversight of Al systems FEF

supplier relationships; —#%(C Lattice, A AIEROBIE L KRB ILZ% L
demonstrate its ability to consistently fulfil legal requirements; RXJN Tl Machinery Regulation, Data Act, % &

data quality management (during the whole life cycle) : ISO/IEC 5259-1,2,3,4,5,6, ISO/IEC 8183:2023 Information
technology — Artificial intelligence — Data life cycle frameworkF &



Annex B (Z \% L\TfFiT%ZE/]@ Ijq/\ (%)
T— X EREBER

the provenance of the data; ISO/IEC AWI 24970 Al system loggingFF
the date that the data were last updated or modified (e.g. date tag in metadata):

for machine learning, the categories of data (e.g. training, validation, test and
production data):

categories of data (e.g. as defined in ISO/IEC 19944-1):
process for labelling data;

intended use of the data;

quality of data (e.g. as described in the ISO/IEC 5259 series?)):
applicable data retention and disposal policies;

known or potential bias issues in the data; ISO/IEC TS 12791 Information technology
— Artificial intelligence — Treatment of unwanted bias in classification and
regression machine learning tasksBi s

data preparation
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e fairness;
 accountability; FBAEfFor 7 HU T XEY T 4

. transpa_re_ncy and explainability; DIS 6254Information technology
— Artificial intelligence — Objectives and approaches for
explainability and interpretability of ML models and Al systemsf
]

e
e security and privacy;
e safety and health;
e financial consequences;
e accessibility; —
 human rights
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| ’ Socio-Technical Nature of Al A\ ﬁi\

r - Toward understanding ourselves embedded in contexts
- A

i
' You left your desk for 243 i
sec. during your work time. |
\ | recommend X to You are ranked 243/485
| you because XXX :
\ % In Context A Y--N\-],
, "t (0]0] R —_ & '_'
JW)’ In Context C

| can not

understan
d WHY

n Context B Where is
my privacy?

i
&AI systems are socio-technical in nature  AIST must have cha
\ (fromNIST AI-RMF Vr2. pp.l)ASTRoy¢ to lead Standards, and R&}
. "
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« Employment;
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e Energy;
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